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Abstract:  

Extracting opinion targets and opinion words from online reviews are two fundamental tasks in opin ion min ing. This  paper proposes a 

novel approach to collectively  ext ract them with g raph co-ranking. First, compared to previous methods which solely employed 

opinion relations among words, our method constructs a heterogeneous graph to model two types of relations, including s emantic 

relations and opinion relations. Next, a co-ranking algorithm is proposed to estimate the confidence of each candidate, and the 

candidates with higher confidence will be ext racted as opinion targets/words . So this project presents an innovative model for 

relevance topic review discovery to solve the problems. 
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I. INTRODUCTION 

 

In this paper we  propose a novel method for co-ext racting 

opinion targets and opinion words by using a word alignment 

model. To compared previous methods based on nearest 

neighbour rules and syntactic patterns, in using a word 

alignment model, and method captures opinion relations more 

precisely and therefore is more effective for op inion target and 

opinion word extract ion. Estimating candidate confidence with 

Graph co-ranking model is opinion associations between opinion 

target candidates and opinion word candidates complete the 

construction of the Opin ion Relat ion Graph. Graph relat ion is 

calculating the confidence of each opinion target/word candidate 

on this graph, and the candidates with higher confidence than a 

threshold are extracted as opinion targets or op inion words. To 

assume that two candidates are likely to belong to a similar 

category if they are modified by similar opin ion words or 

modify similar opinion targets. If know one of them to be an 

opinion target/word, the other one has a high probability of 

being an opinion target/word. Thus, we can forward the 

confidences among different candidates, which indicate that the 

graph-based algorithms are applicable. The proposed word 

alignment models effectively lessen the negative effects of 

parsing errors when dealing with informal online texts. In 

addition, when estimating candidate confidence, it  penalizes 

higher-degree vertices in the graph-based co-ranking algorithm 

to decrease the probability of error generation. The experimental 

results show that the approach effectively outperforms state-of-

the-art method 
 

II. EXIS TING S YSTEM 
 

The existing system captures opinion relations between opinion 

targets and opinion words using the word alignment model. 

Constrained Hill-Climbing Algorithm is used to achieve this in 

which Review sentences are given as input. The calculated 

alignment for sentence is prepared as output. Then calculating 

the Opinion Associations among Words are carried out. 

 

Drawbacks of existing system 

 To calculate the opinion association  value is set to 

0.5. No threshold (adjustment) is possible. So accuracy 

in alignment probability may be poor. 

 Additional types of relations between words, such as 

topical relations are not considered. 

 Single word is considered in finding opinion word and 

opinion target. Phrases are not used.  

 

III. PROPOS ED SYS TEM 
 

The proposed system captures opinion relat ions between opinion 

targets and opinion words using the word alignment model as in 

existing system. In addit ion, topical relations are considered 

such that Nokia and Samsung are related words for mobile. 

Moreover, phrases are taken for opin ion targets and words. 
 

IV. OVERVIEW OF METHOD 

 

The general system design is as shown in figure 1. In this 

module, the given sentence is eliminated with stop words and 

then the same sentence is written in twice. Then words not 

connected with opinion words and targets are connected with 

each other in sentence A and same sentence B. Then adjective 

words in sentence A are connected with noun words in sentence 

Band also the adjective words in sentence B are connected with 

noun words in sentence A. To precisely mine the opinion 

relations among words, propose a method based on a 

monolingual word alignment model (WAM). An opinion target 

can find its corresponding modifier through word  alignment.  

Compared to previous nearest-neighbour rules, the WAM does 

not constrain identifying modified relations to a limited window; 

therefore, it can capture more complex Relat ions, such as long-

span  
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Figure. 1.S ystem Design of the Method

 

 modified relations. Compared to syntactic patterns, the WAM is 

more robust because it does not need to parse informal texts. In 

addition, the WAM can integrate several intuitive factors, such 

as word co-occurrence frequencies and word positions, into a 

unified model for indicat ing the opinion relations among words. 

Capturing opinion relations between Opinion targets and opinion 

words using word alignment model are to directly apply the 

standard alignment model to our task, an opinion target 

candidate (noun/noun phrase) may align  with the irrelevant 

words rather than potential opinion words (adjectives/verbs), 

such as prepositions and conjunctions. Thus, we introduce some 

constraints in the alignment model as follows: Nouns/noun 

phrases (adjectives/verbs) must be aligned with adjectives/verbs 

(nouns/noun phrases) or a null word. A ligning to a null word 

means that this word  either has no modifier or modifies nothing. 

Other unrelated words, such as prepositions, conjunctions and 

adverbs, can only align with themselves. Optimize toward the 

constraints. This step aims to generate an initial alignment for 

our alignment model close to the constraints. First, the simpler 

alignment models are sequentially  trained. Second, evidence that 

is inconsistent with  the partial alignment links is eliminated by 

using the MOVE operator and the SWAP operator.  In this 

module, from the alignment results, we obtain a set of word 

pairs, each of which is composed of a noun/noun phrase 

(opinion target candidate) and its corresponding modified word 

(opinion word candidate). Next, the alignment probabilities 

between a potential opinion target wt and a potential opinion 

word wo are estimated using   

 

    Count (wt , wo) 
P (wt | wo) =        (1) 
        Count (wo)                     

Where P (wt | wo) means the alignment probability between these 

two words. Similarly, we obtain the alignment probability P (wo| 

wt) by changing the alignment direction in the alignment 

process. Next, we use the score function to calculate the opinion 

association OA (wt, wo) between wt and wo as fo llows: 

 

OA(wt,wo)=(α * P (wt | wo)+(1-α) P (wo| wt)  )
-1 

(2)
 

 

Where  is the harmonic factor used to combine these two 

alignment probabilities. In th is paper, we set  = 0.5. 

 

 

TABLE. 1.RES ULTS  OF OPINION TARGET EXTRACTION ON DATA S ETS 

 

Methods 
Phone TV Camera Laptop IPod 

P R F P R F P R F P R F P R F 

Word Alignment 

Model 
0.84 0.75 0.79 0.73 0.82 0.77 0.72 0.84 0.78 0.65 0.85 0.74 0.81 0.84 0.82 

Partially 

Supervised Word 

Alignment Model 

0.86 0.75 0.80 0.78 0.83 0.80 0.75 0.85 0.81 0.69 0.86 0.77 0.86 0.85 0.85 

III. ES TIMATING CANDIDATE CONFIDENCE 

 

After mining the opinion associations between opinion target 

candidates and opinion word candidates, we complete the 
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construction of the Opinion Relat ion Graph. We then calculate 

the confidence of each opinion target/word candidate on this 

graph, and the candidates with h igher confidence than a 

threshold are extracted as opinion targets or opinion words. We 

assume that two candidates are likely to belong to a similar 

category if they are modified by similar opin ion words or 

modify similar opinion targets.  If we know one of them to be an 

opinion target/word, the other one has a high probability of 

being an opinion target/word. Thus, we can forward the 

confidences among different candidates, which indicate that the 

graph-based algorithms are applicable. The opinion associations 

between opinion target candidates and opinion word  and dates, 

complete the construction of the Opinion Relat ion Graph and 

calculate the confidence of each opinion target/word candidate 

on this graph, and the candidates with higher confidence than a 

threshold are extracted as opinion targets or opinion words. 

Assume that two candidates are likely to belong to a similar 

category if they are modified by similar opin ion words or 

modify similar opinion targets. If know one of them to be an 

opinion target/word, the other one has a high probability of 

being an opinion target/word and the confidences among 

different candidates, which indicate that the graph-based 

algorithms are applicable. 

 Salience feature: Th is feature indicates the salience 

degree of a candidate in reviews.   

 Domain relevance feature: Observe that opinion targets 

are usually domain-specific and there are remarkab le 

distribution differences between them in different domains. 

 Lexical feature: For each candidate, all words having 

opinion relations with it are selected as lexical features.  

 

IV.RES ULTS AND DISCUSS ION 

 

We select various types of datasets such as camera, laptop, 

mobile and other reviews to test our method Word Alignment 

model. In our method we are currently limited to English 

language but we can also try other languages as the input to the 

method. In our method the reviews are first segmented into 

sentences according to punctuation 

 

In the Table 1, “P” denotes Precision, “R” denotes Recall, and 

“F” denotes F-measure. 

 

WAM uses an unsupervised Word Alignment model to mine the 

association between words. PSWAM uses an partially-

supervised Word Alignment model to mine the opinion relation 

between words. Next  a graph based co-ranking algorithm is used 

to extract opin ion target and opinion words. 

 

IV. S COPE FOR FUTURE DEVELOPMENT 

 

This paper has covered almost all the requirement. Further 

requirements and improvements can easily be done since the 

coding in main ly structured or modular in nature. Improvements 

can be appended by changing the existing modules or adding 

new modules. Several areas to be developed in  future, so the 

application must be upgraded for the new ones required and it  is 

possible to modifications according to new requirements and 

specifications. The project deals with the query and URLs which 

is stored in the database, and it will be displayed the by the use 

of web browser control. In future, same project will developed 

in web based application. It should not require software 

installation. Many languages can be used but at present only 

English is taken for co-extracting opin ion target mining.  

 

V.CONCLUS ION 

 

This paper employs a new partially supervised word alignment 

model. It is deemed that we can easily obtain a portion of the 

links of the full alignment in a sentence. These can be used to 

constrain the alignment model and obtain better alignment 

results. In addition, additional types of relations between words, 

such as topical relations are considered. Also mult iple words are 

considered in  finding opin ion word  and opinion  target i.e., 

phrases are used. 
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